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Where
does this
scene take
place?

A) In the sea. v/
B) In the desert.

C) In the forest.
D) On a lawn.

What is
the dog
doing?

A) Surfing. v
B) Sleeping.
C) Running.
D) Eating.

(2{ Ny

Which paw is lifted?

ZDMIFRE?

Why is there

foam?

A) Because of a wave. v
B) Because of a boat.

C) Because of a fire.

D) Because of a leak.

What is the dog
standing on?
A) On a surfboard. v

' B) On a table.

C) On a garage.
D) On a ball.
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(Convolutional Neural Network) s <scis
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Raschka, S. (2015) Python Machine Learning. Packt
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Input image 10x1
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Convol

ution

I convolutional layer

Activation
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- Response

Feature map 3x8

pooling layer

fully connected MLP
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Max pooling Average pooling
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9 EAFEE Rectified Linear Unit(ReLU) Maxout
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